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Chapter 3: The Markov Decision Process
and Dynamic Programming
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Chapter 4: Gaming with Monte Carlo
Methods
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Chapter 5: Temporal Difference Learning
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Initialize random Q values

h 4

Start the episode

|

_|Choose the action a in state s using epsilon-

greedy policy

h 4

Perform that action and move to the new
state s' and receive reward r

|

Update Q value of the previous state by
Q(s,a) = Q(s,a) + alpha [r + gamma max Q
{S‘sa) - Q(Sya) ]

If s' is terminal state
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Initialize random Q values

l

Start the episode
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Choose the action a in
state s using epsilon-greedy policy
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Perform that action and move to the next
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Chapter 6: Multi-Armed Bandit Problem
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Chapter 7: Deep Learning Fundamentals
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Chapter 8: Atari Games with Deep Q
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Chapter 9: Playing Doom with a Deep
Recurrent Q Network
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Chapter 10: The Asynchronous Advantage
Actor Critic Network
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Chapter 11: Policy Gradients and
Optimization
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Chapter 12: Capstone Project — Car Racing
Using DQN




Chapter 13: Recent Advancements and Next
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