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|22 (causal inference)
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(causal inference)

—* (observational study)

2= MBS S81H 0| 20| Ol
- S} che ol Afjafet o1
o171 23| Sof| o8l AHe Flast &

| - |

- £h5 5L SO0l QLR

[ M-~

« 2H| Ol (RcM, Rubin’s causal model)
* No causation without manipulation (Holland, 1986)
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|'%' *‘llﬁl (counterfactual framework)

HZ 1} (potential outcome)
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CHOFAIA! HIA| (counterfactual framework)
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MX|2ae| &8
* ATT (average treatment effect for the treated)
tt = E(Y - Y|

* ATC (average treatment effect for the control)
= E(Y} —Y|T; = 0)
* ATE (average treatment effect; Morgan & Winship, 2015)
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1. 8 1«
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* ITAA (the ignorable treatment assignment assumption)

(YLY?) L Tle(X), 0 < e(X) = prob(T =1]|X) < 1
* ITAA O}2l{ 80| 7}53H%&! (Rosenbaum & Rubin, 1983)

Tobs — E(YillTi - 1) - E(YiolTi - O)
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[C|O|E{All] data("Talonde", package="MatchIt™)
[EM=EH] ZYesHn=z=0zH(75~78E A YZ0IH(78E 57) 22}

e ) = ——
(1) Mk A01= |

glr"l f t = glm(‘nyformulaT lalonde, family=binomial (link='logit'))

myd f .la'_ond.e F>% R I : . §_J_|-7<x-lx|(ATT) 0'” [[l-E jl‘ X| —Ifl—o:|
mitate( | e XMX["etE91E5X] (IPTW, inverse

ps=glm fitsfitted.values,

iptw=ifelse (treat==1,1,1/ (1- 4IPTW = ATT HME 715X probability of treatment weight)

L — RAFEFKR AL

Im(myformula¥Y, myd, weights=iptw) %>% summary()
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set.seed (12345) #0O/&Z

m out=matchit (myformulaT,
myd,

distance = "glm", _ _: i :_ Tl—f"_— d-:_‘. ‘ MatCh It I[Halxlg %6” MDHQ"

link = "linear.logit",

method="nearest',
replace=TRUE)

, weights=weights) %>% summary()
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m out=matchit (myformulaT,
myd,
distance = "glm",
link = "linear.logit",

method="subclass",

subclass=0) |-7|I=I|:I-IO'” Igtl-}" I[I-El-nlE-l AE-lxc;l
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