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Row Key Schemas

* High rates of metadata operations for small files — » DB fetch brings in multiple rows
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 Use multiple servers and avoid hot spot
e Low latency

* When metadata fit in memory, as low as single server
 High availability and fault tolerance

 Explore tradeoffs for solving metadata bottleneck with
table stores
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 open() is dominant operation
 Most list operations only involve a few files
 Path name length is mostly 5-10
 May want to reduce iterative lookups for each path

name component
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